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The Application of Artificial Neural Network Model for Hourly Salinity Prediction

Sumlae Pumping Station
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Abstract

The lower Chao Phraya River experiences salinity problems every year during the
dry season. Affecting the quality of raw water in tap water production.Therefore, if the

salinity prediction in front of Sumlae Pumping Stations.Resulting in more efficient
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management of raw water for tap water production.The objective of this study is to
predict hourly salinity values at Sumlae Pumping Stations using artificial neural
networks.The correlation between upstream water levels of Sumlae Pumping Station are
water level at Station C.35 on the Chao Phraya River The water level at S.5 in Pasak River
and the downstream water level at C.54 in various periods to predict hourly salinity
values at Sumlae Pumping Stations using artificial neural networks model to Train
Network with Levenberg-Marquardt correlation of such data during the years 2013-2014
Back to the lag time of 1 hour at a time at each station, including case studies, a total of
216 cases.The best case gave the following results the water level at the station C.35 at
the previous 8 hours water level at the station S. 5 at the previous 9 hours and water
level at Station C.54 at the previous 12 hours.Will be able to predict hourly salinity values
at Sumlae Pumping Stations at the closest the correlation coefficient (R) of training,
validation and test of the artificial neural network model were 0.87, 0.86 and 0.81

respectively.

Keywords: Artificial Neural Networks, Chao Phraya River, predict salinity, Sumlae

Pumping Stations
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